


Food Security
&
Sustainability

By 2050, we must
produce as much
food as we have

consumed In the last
10,000 years

67%

of the world's 1bn
hungry reside here

9.7 bn

Estimated population

64%

of Asians living
in cities by 2050

The World by 2050
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Timing & Opportunity

From Industry 1.0 to Industry 4.0

]. .0 1784  Zivea™
2 — & Impact felt already 20152017 2018-2020
A5 5 ’ y .-

Robotics, autonomous transport

~ Time to impact industries’
‘i business models

Risin political wolatilit Mew energy supplies and
N i technologies

Mobile intémet and clowd tethnology

Processing power, Big Data

based on the use of ¥ Advanced manufacturing and Adhv. materials, bictechnology
1 969 electronics and IT to further Sharing econamy, Crowdsourcing <L printing
¥ automate production Longevity and ageing socetes

Middle class n amarging markats

The Internet of Things Artificial Intelligenca

T
"I"I:h.-l'rg demagraphics in emerging Mew consumer ethics, Privacy maues
markats

Rapid urbanization

based on the use .))) Changing natuwe of waork, flexible work
of cyber-physical | :
» tOMOITOW  systems Glimate change, natural resources
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Case Study: Fortune 500 CXO replaced over A.l.

/”What I’'ve said about autonomous \
vehicles is ... we have not given an

Digital is the main ; indication of a market introduction date.”
reason Just over half of "

the companies on the (= o Mark Fields, Ford CEO, 2016

Fortune 500 have —
disappeared since the ¥V lus \
ye?r2000 b fLook at the technology coming into our

industry...we really need
transformational leadership.

What are the risks and opportunities that
Al presents to our company? J

Bill Ford, Chairman, 2017




Executives say Al will change business, but aren't doing
much about it

Chart 1.2 Artificial Intelligence Revenue, Top 10 Use Cases, World Markets: 2025

Industry Insight

Adoption level of Al

Key takeaway:

Nearly 85% of the 3,000-plus executives
surveyed expect Al will give them a
5,6, competitive advantage_ Object detection and classification -

What is the level of Al adoption in your organization?
Contract analysis

. avoidance, navigation _
1 LOaFTI 1 . . . .
But their adoption of Al isn't matching
up: Object identification, detection,
classification, tracking from geospatial _
Fa images
LUTH = 9- Automated geophysical feature detection
ADDPTION
Text query of images
22% 23% I
Content distribution on social media
Predictive maintenance
“ Efficient, scalable processing of patient data
Hasnoladopted Has not adopted Mas one oo Al isincorporated Al is axtensively
Alandhasne Albutplanstode  maore Al pilat B S0 inenfposated in Static image '°°°9t:m°;"' classification, and
plans o do 30 80 iin thie future propecis processes and — processes and 9ging —
offerings offerings
Algorithmic trading strategy performance
wprovemen S ——
Worldwide Spending on Cognitive and
Artificial Intelligence Systems Forecast 900 S1,000.91,000. 92000 $%500 8000
—_ - Millions
to Reach $12.5 Billion This Year X )

http://www.idc.com/getdoc.jsp?containerld=prus42439617 (Source: Tractica)



Reduce CXO uncertainty by democratizing
A.l. and address the challenges:

Barriers to Al Adoption

B Pioneers | Investigators Experimenters ||| Passives

4 AMILLION
data scientists
needed by 2015 _ l

L*

Attracting, Competing sSecurity concerns Cultural Limited or Lack of Unclear or no IFRS 17
acquiring, and investment resulting resistanceto no general leadership business case fof
developing the priorities from Al adoption | Al approaches technology support for Al Al applications
right Al talent capabilities initiatives INSURANCE
DODD [ nalvti
FRANK e.g., analytics,
data, IT)

Percentage of respondents ranking the selection as one of the top three barriers http://sloanreview.mit.edu/projects/reshaping-business-with-artificial-intelligence/



It will take 2 analysts working 24/7 over 10 years to manually analyze all the images generated by single drone flight.

S alone taces a shortage o 0
- heoble - - | expe a ~
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: ake de ons based on data e F 5303

Our focus is in industries that Our machines are able to We only focus on relevant and
‘l': are unable to efficiently mé: outperform the human m;: profitable use cases prepared

e, Process collected data to S C;)i analysts in speed and to immediatlely profit from
derive timely insight accuracy. mature technology.
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From our initial planning phase right through
to the dissemination of our analysis, we

leverage the matured
over three decades in the
, and

Proprietary algorithms capable of
analyzing vast volumes of high-
dimensional data

Algorithms that learn from a
@ training data set to build models

that improve themselves

#5

Holistic industry expertise to
leverage our technology in
Precision Agriculture



Algorithm Sophistication and Data Complexity
R software —

algorithms in decision making

-

fuzzy boundaries

rule-based statistical machine artificial
decision making reasoning learning intelligence
if condition fulfilled then e - L1 X 1 input
mﬂdmlﬁf 1 i l“* .—'< +1 set of methods =
* ||
activity 2 d 2 ‘aw | complex behaviour |
simple regression classification tasks dynamic adaptation
boolean data to novelty
(yes or na) numgrlr.':nl data arbitrary data lecti
allowing for that needs to be E;JTD”*]""'GUS selection
. curve fitting abstracted into of best methodology
Exnl:nplus. inati numbers when presented with
* phone notification Examples: arbitrary data
¥ time- or threshold- » extra- and interpolation Examples:
based alarms v outlier detection v identification of Examples:
» simple pattern » predictive relevant features from v autonomous vehicles
matching MAINtEnAnce large input datasets » human-like
» qguality control using conversational skills
every programmer various metrics v intelligent digital
data science types assistant

.

complex systems speacialists



Al Maturity

GEN O GEN 1.0 GEN 2.0 GEN 2.5 GEN 3.0
Al Al Al

Statistics Big Data

Machine Learning/

Heuristics/ , Ao 4 o
Data driven Natural Language - oy ol
|.l\..-.l.;.'.. = -
e
]|

1T Microsolt Afure

2 A + ADATOS.ai

lensor

Statisticians Data Scientists Data Scientists Data Scientists Cognitive Machines
“Not necessarily true” “Boil the Ocean” “Algorithmic Library” “Signal Processing” .n.

MACHINES




Challenges to Achieving ROI

To build a team with deep learning
expertise : 2 months ~ 1 year

To prepare massive training
data:~ 10 man month(s)

To (re)train a new
model : 1 hour™
week

To give an Al
inference result :
<1s

ADATOS.al

Autonomous
Adaptive
Augmented
Intelligence

What if you
could minimize

or eliminate this
effort? And

Immediately
provide Data
Science
capability despite
a shortage of
qualified talent?
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Let A.l. do the work A.l. that builds A.l.

Solving the problem of too much data, not enough analysts Not just Machine Learning, but
Autonomous Machine Learning

Democratise A.l. for the non-technical user

Our A.l. automates the process of reading

geospatial imagery

A.l. can perform all the functions of a GIS analyst
or Agronomist including: plant count by species
and maturity, monitoring: plant health, disease,
soil quality, fertilizer optimization, moisture,
weather conditions and yield prediction.

Eliminate most repetitive
and tedious manual
processes

Persistent Intelligence,
Surveillance &

and algorithm generation. This enables us ~ and continuously evolve in

to achieve data science at scale. performance.



A.l. Building Blocks

A Data-Driven Approach

} CURRICULUM } OUTPUT } ADATOS.ai } OUTPUT
BUILDING/MACHINE COGNITIVE MACHINE
LEARNING
Feature
' Engineering »
TRAINING o
(CURRICULUM) extractions generation PRODUCT

YOU NEED DATA &

COMPUTING POWER...

Ping An, which employs 110 data scientists and launched
30 CEO-sponsored Al initiatives.... “the biggest challenges
has been acknowledging the fact that “humans don’t
want to train algorithms”...

NEW
DATA

1

ad

RAW DERIVED

DATA SETS DATA SETS

...TO BENEFIT FROM

AUTONOMOUS

ADAPTIVE
AUGMENTED
INTELLIGENCE
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Industry spotlight

Precision Agriculture in Southeast Asia

Satellite and drone imagery
with manual analysis which
can take weeks or months

performed in minutes to hours
resulting in more accurate
performance

Adatos provides of

Plantation buys imagery O P

o
R

Manual supervision of very of

large areas

R

D&

tasks performed

TOMORROW

On-the-ground monitoring
for fertilizer, water, crop
health and disease

Near

e
<&

Timely information to

Infrastructure challenges in efficiently manage

rural environments and
emerging economies

e
<&




Capabilities

* Inventory (Plant Count & Density)

* Determine Planting Age vs
Maturity

* Measure Soil Quality (Fertilizer
Distribution, NPK Values)

* Identify Ground Water Pooling,
Road Condition

* Detect Pest & Disease
* Assess High Carbon Stock areas

e Estimate Yield by Hectare;
Aggregate by Block, Plantation,
Land Bank

Agriculture Land Use and Crop
Classification >98% accuracy

Tree inventory ~98% accuracy

Oil palm identification at very large
scale 76,000,000 ha = 60 TB data
Custom disease monitoring across
>22,000,000 ha/year




Why we do it It's a race against Time

“Imagine all the food mankind has produced over the past 8,000 years. Now
consider that we need to produce that same amount again — but in just the
next 40 years ... " — Ban Ki-moon, United Nations Secretary-General.

"To put it in stark terms --- the world’s farmers, ranchers, and fishers will be
expected to produce more food in the next 40 years than they have had to in

the last 8,000 years combined." - Dan Glickman, Former US Secretary of Agriculture and
Catherine Bertini, former Executive Director of the UN World Food Program - May 26, 2011

We are trustees of a world, and a society, and must pass on a sustainable
legacy for future generations.
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